3% 56

(O S I A [
MICROELECTRONICS & COMPUTER

Vol. 34 No. 6

2017 46 A June 2017

FHANTEUHE S MERIAERIFTTIE

KOCH, RERAR, K B X LA, e
(SRR (58 TR B 955N 3k 014010)

O RET -METEENREL N2 XA A S W 4 AR 7 % DP-GSPerturb(Distributed personal-
ized graph structure perturbation). % 7 EE A AFE T U AN PO, B W EEHEEH T R EEH. &
KRBARTENARY R BT AEELHEETE IR AREFETENEEXR, SRR EEX RN
AR AR AP, 5235 2 Rk W, DP-GSPerturb 77 3542 7 7 4L 32 A LA A & W 46 T B3 o 3 2 Ao B0 48 R AT oy 7T ) 0.
KW : oA RS W& MERARRY A& L IRA

hES %S TP393 MHERFRIRAD: A NXEHS: 1000—7180(2017)06—0072—06

Distributed Personalized Social Privacy Protection Method

ZHANG Wen-chao,ZHANG Xiao-lin,ZHANG Chen, LIU Li-xin, HE Xiao-yu

(School of Information Engineering, Inner Mongolia University of Science and
Technology, Baotou 014010, China)

Abstract;: DP-GSPerturb is a distributed personalized social privacy protection method based on graph structure
perturbation; it is proposed to solve sensitive link privacy issues in personalized social networks. The method is a
node-centric method that searches reachable nodes of sensitive source nodes, transfers reachable information to
sensitive source nodes, and randomly perturbs links of sensitive source nodes through between-node messaging,
node value updating to achieve the personalized privacy protection of sensitive link in the distributed environment.
The experimental results show that DP-GSPerturb improves not only the processing speed of large-scale graph data
but also the availability of data published.
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7 for each sensitiveEdge in edgeList do

8 EdgeRandom Perturh(p,FDSulist) ;
9 voteToHalt() ;

10 end if

11 returnG™ ;
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